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1. Started with 5544 metabolites
2. GWAS of metabolites through FUSION 

software 
3. Checked for heritability 
4. Investigated associated regions in genome 

(±500kb)
5. Using top 3 regions we then used 

metabolites to predict phenotypes
6. Only 780 were significant
7. Created metabolite prediction weights

Phenotype data:
- Neuropsychiatric traits are caused by both 

environmental and genetic factors.
- Cerebrospinal Fluid (CSF) is in direct contact with 

the brain, likely to provide valuable insights into 
biological pathways related to psychiatric traits.

- Difficult to collect CSF, 
very limited sample 
sizes

- GWAS have much 
larger sample sizes

● Novel metabolite interactions with 
the neuropsychiatric disorders

● Overlap between associated 
metabolite 

● Genetic factors of neuropsychiatric 
traits are associated with 
metabolites in CSF

● New pathways could be 
investigated

● Future studies with different 
datasets could reveal more 
metabolites

● Potential drug targeting for 
metabolites

A metabolome wide association study (MWAS) was 
conducted.

Functional phenotypes were imputed on genome wide 
association study (GWAS) traits

This data was acquired from previous GWA studies

FDR of 10% we ran associations for each of the 
phenotypes
In the end there were 30 significant metabolites:

The CSF dataset was composed of 450 controls (none 
of the neuropsychiatric traits) from the Netherlands
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