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® AS-OCT scans from LSCD patients at the UCLA Stein Eye Institute
o Severity classification: Control, Mild, Moderate, Severe (from clinic)
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Figure 3: Fold 1 of multiclass classification (control vs mild vs moderate vs severe) applied to scar vs. healthy classification
demonstrated 71.55% accuracy on image patches and 83.57% accuracy on full sized images
Model Training e Aggregating patch predictions to assign full-image labels improved classification accuracy
e The model distinguished between control vs severe full-sized images with 100% accuracy
and had the most difficulty distinguishing between mild and moderate images ® Deep learning and radiomics enables high-accuracy LSCD severity
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